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1. Development of five cancer reference sets in SNOMED CT in South Korea -Sumi Sung (KR)
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5 Health data center National Cancer Center Research team
hospitals
Provide local ~ Cancer libraries | Identify refset
terms in CONNECT project items
Confirm refset items < ’

‘ _ Map refset items to
| SCT

|

‘ »  Confirm map table

Validation of mapping results <
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5 refset — SCT map tables
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2. Enhancing the Model of the Singapore Drug Dictionary - Nicholas Seah (SG)
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Drawbacks of current SDD model Benefits of new SDD model

Extended
Publication
Cycle

Simple Model
~100,000 codes

Large Amount of Long Period of Less Effort for e
Effort for Each Training to Shprtgr Each Shorter Training
SR Publication S to Reach
Publication Reach Cvdle Publication Competenc
Cycle Competency y y

Cycle

* Data extractions based on users’ requirements have stabilized after 10 years of implementation
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3. Toward Semantic and Syntactic Interoperability of Cancer Synoptic Report (KR)
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Core components of the process

1

Selection Binding Building Review
- Target data - Appropriate - Data entry based on - With potential users
- Standards for approaches synoptic
semantic and - (If needed) interoperability
syntactic reconstruction
interoperability SNOMED CT
EXPO 2024
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4, Multilingual support for systematic identification, linking and contextualisation of SNOMED CT terms
from clinical narratives (UK)
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5. Healthcare Information Extraction Using LLMs and SNOMED CT: Sharing Thailand Experiences
and Challenges - (TH)
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- ""Likely Diagnosis:**
- Urinary Tract Infection (UTI)
- Kidney Stone (nephrolithiasis)

- ""Key Symptoms:**
- Right-sided back (flank) pain radiating to abdomen
- Increased urination frequency, cloudy urine
- Nausea, vomiting

What's the diagnosis of this - “Investigations:*
tient? - KUB (Kidneys, Ureters, Bladder) film: no stones seen
u - Bilateral ovarian cysts (1-2 cm), likely incidental finding
Make it short, bulletpoints - Follow-up with ultrasound (U/S) ordered

- **Medications:**
- Buscopan (for cramping)
- Diclofenac (for pain)

- **Further Tests:"*
- U/S KUB (Ultrasound)
- UA (Urinalysis), BUN, Creatinine for kidney function

[ Prompt ]
(context, task, examples) » Lalr.‘agrl?:ge » Output
aput text Model (Concept, SCTID, etc.)
SNOMED CT (medical notes)
EXPO 2024
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6. MedCAT 2.0 - Medical Concept Annotation Tool. Using large language models to extract
SNOMED CT annotations from EHRs (UK)
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MedCAT 1.0... MedCAT 2.0...
« utilises LSTM models for entity recognition and « Wwill be using a transformer base model architecture
concept linking for both Named Entity Recognition (NER) and
Linking (+L
« models employ context free language models 9 (+L)
(“word2vec”) « models will have contextual information (i.e. a
! - ) contextual model would represent “shot” differently
« has to have some manual handling of misspellings based on context)
(“ful remission” -> “full remission” SCT Id:
103338009) « aims to better handle misspelling as part of its

) architecture
« has to manually handle multiple names of the same

concept (“complete remission” -> “full remission” « Wil aim to be robust and handle multiple names
SCT Id: 103338009) without expert intervention

7. Modeling In Vitro Diagnostic Device Data using the LOINC SNOMED CT Collaboration
Extension: A Path to Success - (US)
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Our Findings:

-
1= -

Post-Implementation
(With LIVD Spec.)

= 21%

With LIVD, laboratories chose
different codes for the same test
only 21% of the time

Pre-Implementation
(No-LIVD Spec.)

Mis-match 4 2 O/
rate o

Without LIVD, laboratories chose
different codes (a mismatch) for
the same test 42% of the time

Mis-Match
® ®
¥V ~50% Reduction

in Encoding mis-matches when Laboratories used LIVD
Additional Analysis is currently being performed with larger sample sizes from 8 labs

This study showed that when institutions are provided with specifications for which code to use for a given test on a specific device, there
was a significant decrease in potential errors, but LIVD is only available for COVID-19, Lyme disease, Mpox, and HIV.

Disparate Knowledge Integrated Knowledge Reliable Knowledge For Use By:
Resources: Resources:
Regulatory:
Input for issuance of guidance on which code to
use for which test performed on which device
o (LIDR) and enhanced RWD analysis/quality
.A assessment.
LOINC® m
i s
SNOMED CT®
Laboratory Codes [= =1 “'—‘ More accurate assignment of test codes due to
ﬂ =7/ Tes ica 5 clear and true equival bely
e e T ‘ : t Order Catal (e.g., Local Codes to LOINC®).
‘endor. oca Nomet o
Laboratory Codes A SNOMED CT
v storarog Knowledge _ LOINQ‘f Public Health Agencies:
° Knowledge Resource ~=Xocal Cordes== 2 Direct el i¢ ission of icabl
. 4 Harmonization k LIDR ) ' disease case information from labs to public
Test Order Catalog 4 health authorities.
Laboratory Codes Other...
Laboratory Codes
IVD Vendors:

Plug and play connectivity between IVD
instr t: i , and LIS sy in
laboratories for information to move without
losing meaning.




8. The Reference Terminology Server: Centralizing Medical Terminologies for Improved Healthcare
System Integration in Spain (ES)
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Entidad SNS

CdU, conocimiento, resultados @

Servidor de Terminologias
de Referencia de SNS

: Eml | &2

rest )

—1 3 API
z ‘
z E 7 FHIR
capa analitica/procesamiento g

L. E—

BBDD entidad SNS
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9. Strategies for quality information exchange in healthcare
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l *

o-aqn The patient has a
_ bacterial infectious

o Bacterial infectious disease SNOMED CT

disease

“Fracture of the left tibia’ _ The patient has a
003=77710Q0 fracture of the left tibia

31978002:272741

SNOMED CT
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10. Standardising Data Entry Using SNOMED CT Local Extension For Consistent Analysis and
Expanding Data Dictionary - (MY)
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11. Feasibility study of ‘MiADE’ point of care natural language processing (NLP) system:
methodology and initial results (UK)
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(Electronic health) HL7 CDA
Ty.pe o record server message
dictate (Epic) containing
(O w | clinical note, o
CLINICIAN text Free text % problem list, Q MlADE
\ clinical notes | @& | medication _
~—--'~: Clinical notes L 2 and a”ergies MIADE core
e~z | Clinician > O f———3Jp System to
=" ==..| validates | S communicate
X structured — o with EHR
ructured |'=
Q.
o entries | T gan |G \\
Electronic
Medication + Allergies
health record | I
M

user interface ), MIADE NLP modules




12. NL2ECL: Transforming Natural Language Queries to SNOMED CT Expression Constraint
Language - (AU)
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Recap: OntoGPT workflow

-----------------------------------------------------

.....................................................

Text2Structure API

Function Hub

Semantic Search FHIR Operations SNOMED ECL queries
&l N
Embedding Vector Ontoserver Ontoserver
Search Engine FHIR API ECL Engine
8 o
(2).455m
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https://www.snomed.org/snomedct-expo
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