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I EHERE GG AT SRS S ER MR B BN ER A TEENRTE & P
AR TJTZE - b B HEIHRIRIT S R EE UGS E A TEE TR - EEa]
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B ICHEIREN AR Rt ER S T (B S RS i Ao A AR A (R A%
Z5E4 (Machine Learning)4E18 {175 5 B2 35 (Deep Learning) 4B 25 » H1i# ] U-Net 22
REMREFE 14K 4945 (Convolutional Neural Networks, CNN) X fl #5755 U-Net 495%
(Convolutional U-Net Network) » %17 H B EIREET &Y T XEMEBER © 40 Gui A
(2024)fEFIFETH U-Net EES AT = 4ERE A ERHE T e A A i B H R R H T St
HUH 2 ([E]13 ~ 14) -

FREMFG L EERIRR E SRR S S D EEN BT
(Probabilistic neural network, PNN ) J57£ » 4l Feyzullayev £ A (2024) 454 Spectral
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Model (SAM) HE{TREMIFAAG 7335 » 41 Shim 55 A (2024)F%5 ] SAM JEIEE MG 3 IE
FYIBER » A SR AR E AV E R BT 60 S % SAM - TR MR R -0 M AR RS
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ROV S b > S8 DU E Mgk AR - & p=UETiaees
(Generative Adversarial Networks, GAN) Z4E &Rk ENIFGERIEE - FHZRHISR Al 54 > 1F
HEAFEE R B RHR S B S SBEERY TIERAR » 41 Gao %5 A (2024)5A % )
cigFacies Net » 45 & GAN A= ERHIHIISR U-Net HRLEE TR BB R E RV
738 ([E]18) - Wang ¢ A\(2024)Bf 3¢ cigChannel BkHEE - FTE/KIERDHRESI R
{EFH(E9) - 3% BB AR AR BE IR R HEAE GitHub 48k EAEEATFE N SEERA - $g4ban

N cigFacies : https://github.com/huigcig/cigFaciesNet ; cigChannel :

https://github.com/wanggy-1/cigChannel
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Input Seismic Amplitude Data (line 3121)
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Seismic Facies using PNN (line 3121)
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Predicted mask
using SAM
Dice score:0.775

Predicted mask
using finetuned SAM
Dice score:0.807

Original Seismic with label

Predicted mask
using SAM
Dice score:0.777

Predicted mask
using finetuned SAM
Dice score:0.822

Original Seismic with label

Predicted mask
using SAM
Dice score:0.54

Predicted mask
using finetuned SAM
Dice score:0.792

[B16 ~ F %L SAM RS BHE TR TR e
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Train a CNN for seismic facies

Three strategles for bulldmg a massive-scale benchmark dataset of seismic facies
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Knowledge graph of seismic facies
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3D Channel Models

Seismic Impedance Models 3D Seismic Volumes
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