(LB : FAE)

SINEEE &L

BRI

:‘E‘\ 1%

(Open Data Science Conference, ODSC)

s e

st

L QIR

H (2 o ATET

TRELER : 5K

tHEGHARY © 1134£10H27H&11A1H
#EHE - 11448015 14H




i
Q024 FEFACERFIE &3 (Open Data Science Conference, ODSC) ‘=& EKTHI
HYERIRHEZ SN TEZEREE 2 — » 5 PRE L& A 5 B B R SH I Y 5
B& - s N TREBEEEMW - BRI IR R E - Zam MER R
AR FEE B - BRENAERAATLEE - REEE - REB T EE
HYEHT R - iR 2 e bRy TS ~ TR A& S » BLEE 1S DR A TRl
HIMEFVE ] R & ~ EEMALBER R ETE - ERKERBPEEEN Al 58
HYFE TR -
%A BRIV ERGIA TR (Generative A, GenAD)HYIER - &L G
CERE ~ SRR SR SR AE ) B RIZ B ENL - BRET HARE A SRS - HEEh R L
f S kB T 2 V8 ) AR E R A G I KB EES A (Large Language Mode
1, LILM) BLRAIZIEEEEAY (Large Multimodal Model, LMM) HVECTH#ERE - FAHRHAY
fin B R B R A B - [FIIF 0 =4 RN L B AR IR E A 2 B PR 2 1 B
LB -

cli



5 = = 1
= 1 - 2
— L0 29 H oo 2
- L0 30 oot e 2
= (0 ) N = 2
£~ ATEER N EHBEE (SEARCHING FOR MEANING IN THE AGE OF AI) ...u....... 3
— A EZ | B T E I B RS | et e 3
- R S e 3
= T AT T e 4
/g~ N R T R B . o et 4
o BRI 4
B~ BRERNERERAE - ITfARCREFZE4E (SYNTHETIC DATA FOR ANONYMIZATION, E
FFICTENCY AND INSTGHTS) & vt ettt e et et e e e et e e e e e e et e e e e e e e e e e 4
AR SR R T2 oo 5

= AR I B o 6
= B R A A LRI . 7
PO~ AR B 7
F~ EREAERR TR B I I E 8
7N G e 9
fh BRI ESE (DATA SCIENCE IS DEAD) .ovvnviinveinniineiinennennnenanns, 9
— =g R o = U 10
- B R B R LK . . 10
= DR Y R R 11
PO~ B i R B o 11
e B T L e e 12
AN REEREIR A 13
RE - ERHE LA 4G (AN INTRODUCTION TO DATA CONTRACTS) ©vvvvevenereneeenenenns 13

FRRIER R TAZSEYEIRERE ... 13



BRMGEIRTE TN 14

= R AR B D B 14

PO~ BRI i B B et e e 15

T~ BRI EEIHT I E R ot 16

7N ERAYETE R AT Z0M: (DATA OBSERVABILITY ) Y2 e e e 16

T BRI R B . 17

AN B 17

%~ RBERBLEIERIABRS « ABRHEEAE A T EERARAVER S (FROM DATA MESS TO
DATA MESH-DATA MANAGEMENT IN THE AGE OF BIG DATA AND GENAI) +''vvvvveeseeeenenenannnns 18
— BRI o 18

- i S e T A 18

= i St NN NS & = AT 19

PO~ B ] — B e e e e 20

Fo BRI e 21

A% R R B T . . 22

Il ~ FIRER H SRV EE « EIRERIAEMRAYE S (THE RISE OF OPEN-SOURCE DATA CATALOG

S: A NEW OPPORTUNITY FOR IMPLEMENTING DATA MESH) .. v v ot eeeteeeeeee e eeeeeeeeenananns 22
— B E B B . o 22

- B Ao B I R A e e e 23

= g ey ek = 24

rg ~ G e 24

7@ ERANTEENM SR TAELERE7=0(HOW GEN AI IMPROVE THE WAY WE WORK
AND QOLLABORATE) .« v v e v e et et e e e e e e e e e e e e e e e e e e e et e e e e e e e et e e e 25
— AT R R B 25

- b N =N R e = e b A 25

= RS B B B BB EE 26

PO~ B B AR e 26
R R B e e e e e 26

=Ai] 7= S 27

— AR A T T ) . 27

- B AT T B T E . 29



BHRR

S B R 30
BSHRA ORI E M L 31
RAERNEE  DIFAIBRRIER ..o 31
BAREERNGHE » S EBUFEMTE R R EHATESRETT. 32

A 33

T ERATRIE + « v v e e ettt e e e e e e 33



- HE

024FFHAME R GER  (0DSC)  BEIFFMAHTE RIS TSRS - B
BRI - N\LEEERREFEM - LEFR R R R E g s En - DIEE
R RE LR - BRESEREFONEZITOPA - BiEEEZE AR

TS (GenAl) HURUMTTIR R MERIVETT » WAt HaAEE - s b H B SR IF Rl
FHIRETT > SE A E AT SR R R e Eh AR ~ ARt kB A SR HE - &
RASMNE 7 AR EE 3 -

B SR R HEBh = BB 38 e 2 LB TRE > Ry A TR LB S e
NHIFHIBIFEBS T B - RIRASI 2024 FFERF G - REER
g 2 R R E AR - AIRALTIIRERHEAE] - BRaHE MERERREE
I TR B EN B B RHEUR K AH R AR 22 & B PR S B A e N T
FIRER o AR ERGES AN TSN E R SIR B E B ER RS - I E A ATEB &
HEBRMEESS - BRENRAANTEZE P (b A ARBEIHEE I RATBEER
(e BRI BEENHTBUR & » 2 ERE ) > AliEt g R Aw(EE -



2024F L =R E B LI IRFH A RIS E > BH10H28HBAMRRER £10H31H
1ERHHAR WS & > WEESEI0H29H 2 10H 31 H A R4 A AT B REUE S K E FH 251

IreH > SELERREHEAT
—~ 10H29H
(—)AI X Keynote: Searching for Meaning in the Age of Al

(—)Solution Showcase: Building an Open, Governed Lakehouse with

Aapche Iceberg and Apache Polaris
(=)Synthetic Data for Anonymization, Efficiency and Insights
— -~ 10A30H

(—)ODSC Keynote: Infusing and Scaling Genterative Al 1nto Busine

ss Differentiation

(—~)ODSC Keynote: From AI to Data Processing: The Next Phase of A

ccelerated Computing
(=)Data Science is Dead
(Pd)Data Science in the Age of Generative Al

(F)Solution Showcase: Revolutionizing Data Management

l

=~ 10H31H
(—)An Introduction to Data Contracts
(=)AI for Work: How GenAI Improve the Way We Work and Collabrate

(=)From Data Mess to Data Mesh- Data Management in the Age of Bi
g Data and Gen Al


https://docs.google.com/presentation/d/1RK44SDEGNExWlvYpq_M4SU-VEkmfg1DYeR6CPahxlV8/edit#slide=id.g2eb1d7a192d_0_2333
https://drive.google.com/file/d/1Jh2u7KW0yQoXCRw4q7eyY-jbRKzY2Gti/view
https://opendatascience.com/the-rise-of-open-source-data-catalogs-a-new-opportunity-for-implementing-data-mesh/?utm_campaign=Newsletters&utm_medium=email&_hsenc=p2ANqtz-9e-27m268WaBfCY7WnbjVEAIiBBWcpifs80i6hfnGnyjeUeUwD_ceXjkctJyvJtiN0AMYDE2UfeTxQPS6AdR9oPmVR5w&_hsmi=334892393&utm_content=334876046&utm_source=hs_email
https://opendatascience.com/the-rise-of-open-source-data-catalogs-a-new-opportunity-for-implementing-data-mesh/?utm_campaign=Newsletters&utm_medium=email&_hsenc=p2ANqtz-9e-27m268WaBfCY7WnbjVEAIiBBWcpifs80i6hfnGnyjeUeUwD_ceXjkctJyvJtiN0AMYDE2UfeTxQPS6AdR9oPmVR5w&_hsmi=334892393&utm_content=334876046&utm_source=hs_email

2~ A TEERRIEBRIEER (Searching for Meaning in the Age of
Al)

Bryan McCann > you.com HYIL[EIRIMFASERITR » ©{F Salesforce WFEHEHTE
FEWTZERIERR > BUER RS E R HAE A A5 (National Language Processin
g, NLP) HAVEA - fEA A\ T EEEHA S 2 K5 - ZRARSATE AR 41y
B N EAIRTS - 98 AR EsE S AR RRR TRV ERVES) » WA &
HYENE S BB E R IR R R A AR B AR F REERA TEEFANREEE -

— TAIEEE . &k "EREE

Bryan McCann B Richard Socher (¥} you.com HYE:[EIAEIHEA) > 2013
FEHGEF BT EHmAAGTBEE » WECIN TR 2 E N " AllE
B, - BEEWHRAEA  BOEREE B S REN S 522 B — 1A
s BTAVFEE ST B EEE AR — AL BRET e DI AR S0 Al
5% IR BEREITEEE ST ISR S At 2L a ES 720 B — B RTiEMER
B Ry AL SHEGHR ¥y m o MR INA Salesforce WY » HEMELR
A 5 ST BE 2R S R S LAl -

=~ ETTXHEER

BHINE ARSI E R EE R (Word Vectors) AGRHFNIES -
{HiEfE A EIRN B AL R ERENE — (AR 2 54— (B A | - e
REMAEAR - MBryan 5 EE sUR R BB AURIE — (BT AR 2 55 —(E{E
B o B0 ERIER LSRR MR ~ M E DU 2 A E A S 8 -

FEE B ATE Py — BRSNS - FEBryan AR EIR ALY R E S AHEITT
L HAVETS > MR EATHT TEE ) - S[SEMHER (alignment) NUEE
73 (attention) HEHINVELE - FrafREE IS RIE B EEE A EFPAINRT -
wte iE LR TS i IR IEMERV A TR AR - IS BUR T A (B b R 015 B 50
3 fRHRF BT SRS RSV - WS HRE S A FEB B AL

B R AHEREAEs (Transformer ) AUV - MR E S ATRE SRR
FEE



[1]

ENEBRRAIRATHAR

WEE Al ROfgHVERSERE > SFEANAA N T ABUEE ) AV fIE
ar >~ ER(ERNS - B2 Al P i > & Al RESSER(E S AT DLy 5
I > BT EE B AR FRAIEES - 372 TIERI AR - EiEk
R Boe 2 HENMER - R OGHOMEE 2 Bryan@Br AR BIRIRATER - A
BEE/RE CHSETEREIE - MESEE0A » HERRHERME AR
RENEAVE - JREAEAERTIER L 2R - EENEEARARN DL - K2
ST BT (CHYRH i -
N N5~ iR ] o

£ AL S HMTEAIERSSE B RREEENRR - AHRETEE
D TEEEIE X828 - EEEEA e SOE N HAE - mIEE
PG E RS AR o RAKI RV B R e et e I E 240
FER IR SRR EE AL - WABRE(LE & » S St IS
IR T — St A A A SRS B AN e S S el B Hm
(e B = S B LRSS > (T E PR R RRT L &% -
A REKEE

BryangZBi AMMIHE AT R B A A BRI 5 - (REKEEAHER
Ty 2R EE R ARKAIEEEIE (R B SRR B A A
Ay SRt - e EsHAR B ER Y ~ AT EABRE e S » DI R S LAY IRFACBE
B o WOmERARK 10 FREEEE A BT RA R AR - SEEE TR
FrEHBEEEIREEEE - WIRFME Al —5% > FEEE - B(bEEsE
b SREE RS (E TS ] RE PRI A > EIE S H SR -

B AERRERERL - BARREFEZEIE (Synthetic Data fo

r Anonymization, Efficiency and Insights)

GRERNE —HERNVE RS - O ER B R E AL A BT &
MATER > FZIEARELRE - BRI ELU RS2 TR E SR - NGHE



HEELL T BB RHEE AL ~ BRI ROREE I PRI ER] ) R SR ABRET BRIl
S ~ EIRIEA RORAHIR -

— BRERH=EERGR

B M HERE R =R ROTT R ¢ BB AR~ AR AR B R B 5 52
BRI A ~ AHRIES S R B SRS -

(—)BE%4 R E R (Random Data Generation)

PR AR pCEDR AR BR Y BE AR B L Bl ey Rk > REDRIRAERE L > PIIAI{EGoo
gle Sheetst{H HFEMBLRE - AT EEAR « LR - BERNE
FHE N B AR B 3% VP MEUE S - A > BRI E R Z HE &R
HyaRaT R EERESEMEENE, - (ERETmE A AT K - AR R ZE R AE
RS E NS E R A GRS -

() #A4ERKER (Rule-Based Data Generation)

AR RN A e Fs F P IR R e AR I L8 4 - 7 8 08 % B o0 M B4 A A e
Bt BETARR AT R E S R ERRIVE R - SR E N 2 4B
PR o IR HEE SRS - N A GRS FRRAVE R M - 241
EEITEAFEMN PR AT ZRFMEEETHRA il B S8 M S = ] ae
SRS IR EE H By o BRI AR BB I A i s ZERE MR Sty i s 5
BantEEeR: & 1 F 1T R ECER TR -

(=) M43 T L E R (Machine Learning-Based Data Generation)

B es 2 A O BRI AR A EI4ES (Generative Adversarial Ne
twork, GAN) -~ 84rE4mMEES (Variational Autoencoder, VAE) ZEfEFIA-pk
BEER > fem SR E B BRI Or e AR MBS R - HEJ77A AT 4Rk
RESmEER Rk e S EEAAVEISREL A - MRS EE R E R
BIAE A P E R g i/ D EIERIGA © 28I » %7 AT B S - HEES
BIRFTRK - HFRELIFHE R R A ETHE GG - 3G e R B R sy
BERENE BRI E B A B R e i - DAt 2 22 5 A AU | 4 B
AR -



random rule-based Al-generated

M1~ =R ERERRHY SRR
I : MOSTLY Al $i{TH Tobias Hann 7£ ODSC 2024 43 =HJfii#

= ERERTR RIS

FEBEMEE - SERERER LSRR EEEEY » I EZEAIR T
TSI - BE RS GRRER A DRGSR - AT A A S0
(Bt - Hlt g EREHEE SR RSB AR E RS © E SRS > &hk
B E B ERIAT Refm Ml > B B IR AR o R R TR e h
M I EE Rt e > SRERATER SRS R > R SRET
JE R AR R F SR > B NH SRS EI TS MV ER L ZE E A - S E
BHYEZNMEH 22T > Gartner TEMI 2030 4 » SRERHRHE Al R8s Er HUA
HEER > A EEERAOR - RIS 2 bR I B S &R R b R TR
S LAY SRR RT3 KB -

By 2030, Synthetic Data Will Completely Overshadow Real Data in Al Models

« Artificially Generated Data

« Generated From Simple
Rules, Statistical Modelling,
Simulation and Other
Techniques

Data Used
for Al

« Obtained From Direct
Measurements

+ Constrained by Cost, Logistics,
Privacy Reasons
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Method Protection from Feature Feature ML
re-identification risk stotistics corrolations porformance

Synthetic dota High High High High

Randomization Low Medium Low Low
Permutation Low High Very low Very low

Generalization Medium Low Low Low

Pseudonymization Very low High High High
Data masking Very low Very low Very low Very low
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ODSC West Talks - October 29, 2024
Time Speaker Organization Session Title
9:00 am - | Bryan McCann Co-founder at Y | A1 X KEYNOTE: Searching for Meaning in
9:25 am ou.com the Age of Al
9:00 am - | Yohei Nakajima General Partner | ODSC KEYNOTE: The Current and Future St
9:25 am at Untapped Cap | ate of Autonomous Agents

ital
9:30 am - | Lin Qiao CEO at Firework | Compound AI Systems and the Future of A
10:00 am s Al I Integration
9:35 am 1 | GiorgioFrancesco Data Scientist Explainability Explained: From Beta Coe
0:05 am Clauser at Moneyfarm fficients to SHAPly Values
10:00 am | Cody Coleman CEO at Coactive | Tackling Socioeconomic Bias in Machine
- 10:30 a Al Learning
m
10:15 am | Lintang Sutawika Researcher at E | Challenges and Considerations in Langua
- 10:45 a leutherAl ge Model Evaluation
m
11:00 am | Shreya Rajpal Founder at Guar | Managing the Volatility of AI Applicati
- 11:30 a drails Al ons
m
11:00 am | Anoop Sinha AT Research Sci | Larg e Model Quality and Evaluation
- 11:30 a entist at Googl
m e
11:35 am | Deepak Kanungo Founder at Hedg | Probabilistic Machine Learning for Fina
- 12:05 p ed Capital LLC nce and Investing
m
11:35 am | Sinan Ozdemir CTO at Directly | Building High-Quality Domain-Specific S
- 12:05 p mall Language Models
m
12:10 pm | Matt Harrison CEO at MetaSnak | Scaling Deep Learning Training in PyTor
- 12:40 p e ch
m
12:10 pm Jay Alammar Director of Eng | Building with Llama 3.2
- 12:40 p ineering at Coh
m ere
2:00 pm - | Anjali Chourdia Principal Resea | Uncertainty Quantification: Approaches
2:30 pm rcher at Micros | and Methods
oft
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2:00 pm - | Vino Duraisamy Data Engineer a | Mastering Web Data Acquisition Techniqu
2:30 pm t Snowflake es
2:35 pm - | Geeta Shankar Data Science Le | Introduction to Containers for Data Sci
3:05 pm ad at Salesforc | ence / Data Engineering
e
2:35 pm - | Dominic Bohan Co-founder at S | A Gentle Introduction to Vector Databas
3:05 pm torylQ es and Their Implementation
3:10 pm - | Alison Cossette Data Scientist Enhancing AT Accuracy with Advanced Dat
3:40 pm at Neo4j, Inc. a Augmentation Techniques
3:10 pm - | Joep Kokkeler Software Engine | Idiomatic Polars
3:40 pm er at Dataworkz
NL
3:45 pm - | Jeff Tao CEO at TDengine | Machine Learning with CatBoost
4:15 pm
3:45 pm - | Vino Duraisamy Data Engineer a | How to Make LLMs Fit Into Commodity Har
4:15 pm t Snowflake dware Again: A Practical Guide
4:20 pm - | Geeta Shankar Data Science Le | Anomaly Detection for CRM Production Da
4:50 pm ad at Salesforc | ta
e
4:20 pm - | Alison Cossette Data Scientist Bridging the Gap: Light Code Solutions
4:50 pm at Neo4j, Inc. to Uniting Social Science and Modern Kn
owledge Graphs
(Z)10A30H
ODSC West Talks - October 30, 2024
Time Speaker Organization Session Title
9:00 am - | Dr. Alfred Specto | Visiting Scholar at ODSC KEYNOTE: Beyond Models - App
9:25 am r MIT | Senior Advisor | lying Al and Data Science Effectiv
at Blackstone ely
9:00 am - | Dr. Ali Arsanjani | Director of Applied ODSC KEYNOTE: Infusing and Scaling
9:25 am Al Engineering | Hea | Generative Al into Business Differ
d of AI Center of Ex | entiation
cellence at Google C
loud
9:30 am - | Nick Becker Product Leader in GP | ODSC KEYNOTE: From AI to Data Proc
9:55 am U-accelerated Data S | essing: The Next Phase of Accelera
cience at NVIDIA ted Computing
9:35 am - | Ines Chami Co-founder and Chief | Operationalizing Al Agents in Data
10:05 am Scientist at Numbers | Analytics Workflows
Station Al
10:05 am | Gary Marcus, PhD Scientist, Best-sell | Virtual Keynote Fireside Chat
- 10:30 a ing Author, and Seri
m al Entrepreneur

34




10:30 am

Chip Huyen

VP of AT & OSS at Vo

TRACK KEYNOTE: From ML Engineering

- 11:00 a Itron Data to Al Engineering
m
10:25 am | Dr. Einat Orr Co-Founder & CEO at Don't Go Over the Deep End: Buildi
- 10:55 a Treeverse ng an Effective OSS Management Lay
m er for Your Data Lake
10:25 am | Jure Leskovec Co-founder and Chief | Data Science is Dead
- 10:55 a Scientist at Kumo.Al
m
11:00 am | Tim Shi Co-Founder at Cresta | Scaling GenAl at Cresta
- 11:30 a
m
11:00 am | Narendra Lakshama | Walmart Global Tech The AI Advantage: Transforming Sof
- 11:30 a | na Gowda/Narendra tware Development for Operational
m Lakshamana Gowda Excellence
11:00 am | Jeremy Zhang, PhD | Head of Advanced Ana | Solution Showcase: Visualizing Al-
- 11:30 a lytics at Gilead Sci | Driven Clinical Trial Planning
m ences
11:00 am | Charles Frye, PhD | AI Engineer at Modal | DIY LIMs: Rolling and LIM Inferenc
- 11:30 a Labs e Service from GPUs to olly
m
11:00 am | Jiwei Liu Kaggle Grandmaster a | Accelerating Data Agents with cuDF
- 11:30 a nd Data Scientist at | Pandas
m NVIDIA
11:10 am | Yan Liu, PhD Professor at Univers | Frontiers of Foundation Models for
- 11:40 a 1ty of Southern Cali | Time Series
m fornia
11:35 am | Benjamin Bengfort | CEO & Co-Founder at Privacy and Security in the Age of
- 12:05p Rotational Labs Generative Al
m
11:35 am | Arzav Jain Member of Technical Data Exfiltration Attacks in LLM P
- 12:05 p Staff at OpenAl roducts
m
11:35 am | Juan Guzman/ Jenn | Optimization Enginee | Solution Showcase: Mastering Compl
- 12:05 p | ifer Locke r at Gurobi/Manager exity: Optimize your decision maki
m - Technical Account | ng for 500% ROI

Management at Gurobi
11:35 am | Paige Bailey DevRel Lead, GenAl Data Science in the Age of Generat
- 12:05p at Google ive Al
m
11:35 am | Rehgan Bleile Co-Founder & CEO at Quantifying the Value of AI: Going
- 12:05 p AlignAl | Founder at | Beyond Cost Savings
m Women in Analytics

(WIA)
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11:50 am | Zipeng Fu PhD Student at Stanf | Towards Deployable Robot Learning
- 12:05p ord University Systems
m
12:10 pm | Laurie Voss VP, Developer Relati | RAG in 2024: Advancing to Agents
- 12:40 p ons at Llamalndex
m
12:10 pm | Mary Vue VP of Partnerships a | Solution Showcase: Revolutionizing
- 12:40 p nd Marketing at Sync | Data Management
m ari
12:10 pm | Cal Al-Dhubaib Head of AI and Data Intro to Al Auditing - a guide for
- 12:40 p Science at Further executives to navigate risk
m
12:10 pm | Jun He Staff Software Engin | Efficient Incremental Processing w
- 12:40 p eer at Netflix 1th Apache Iceberg and Netflix Mae
m stro
12:10 pm | Rafael Levi Senior Solutions Arc | Powering Al with Endless Data from
- 12:40 p hitecture Expert at the Web
m Bright Data
12:35 pm | Dustin Dorsey Principal Data Archi | Dimensional Data Modeling in the M
- 1:05 pm tect at Onix odern Era
2:00 pm - | Ramesh Periyatham | Distinguished Engine | Data Pipeline for Retrieval Augmen
2:30 pm bi er at eBay ted Generation and Model Training
at eBay
2:00 pm - | Eno Reyes CTO at Factory Building Reliable Coding Agents
2:30 pm
2:00 pm - | Yashas Roy Learning Solutions A | Solution Showcase: Building an AI-
2:30 pm rchitect at DataCamp | Ready Workforce at Scale with Data
Camp
2:00 pm - | Jisheng Wang, PhD | VP of Engineering & Securing the Horizon: Safeguarding
2:30 pm Head of AI/ML at Tra | Large Language Models
ceable Al
2:00 pm - | Steven Hillion Head of Data and Al Building AI Applications with Airf
2:30 pm at Astronomer low
2:00 pm - | Dr. Shelby Heinec | Senior AI Research M | New Frontiers in GenAl: From Multi
3:00 pm ke anager at Salesforce | -Agent Systems to On-Device LLMs a
nd Beyond
2:00 pm - | Micaela Kaplan Machine Learning Eva | Evaluating LIM Evaluators with a H
3:00 pm ngelist at HumanSign | uman in the Loop
al
2:00 pm - | Swagata Ashwani Principal Data Scien | Mind Mechanics: From Spacey States
3:00 pm tist/Data Science Le | to Transformer Tech
ad at Boomi
2:00 pm - | Maria Lupetini CEO and Chief Data S | Mix Integer Programming for Good,
3:00 pm cientist at InfoMake | Not Just Profit

r Inc
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2:00 pm Kristy Hollingshe | Senior Data Science From NLPer to AI Engineer: The Lif
3:00 pm ad, PhD Lead at Further e of a Hipster Data Scientist
2:25 pm Pablo Vega-Behar Director of Machine RAG Pipelines Letting You Down? Ho
2:55 pm Learning Engineering | w The Fitch Group Handles High-Sim
at Fitch Group ilarity, Frequently Updated Docume
nt Sets in Financial Services
2:35 pm Lior Gavish CTO and Co-Founder | | "Day Two" Problems: 5 Hidden Hurdl
3:05 pm Monte Carlo es to GenAl Success and How to Ove
rcome Them
2:35 pm Amanpreet Singh CTO and Co-Founder a | RAG on the Edge
3:05 pm t Contextual Al
2:35 pm Yixin Tang Engineer Manager at Safeguarding App Health and Consum
3:05 pm DoorDash er Experience with Metric-aware Ro
1Touts
2:35 pm Dr. Helen Gu Founder and CEO at I | Solution Showcase: Product Launch:
3:05 pm nsightFinder Inc. The Answer for AI Observability
2:35 pm Jaeman An Co-founder & CEO at Mastering Enterprise-Grade LLM Dep
3:05 pm VESSL Al loyment: Overcoming Production Cha
llenges
3:30 pm Ville Tuulos Co-founder and CEO a | Solution Showcase: Scaling AI/ML w
4:00 pm t Outerbounds ith Outerbounds: How Metaflow Powe
rs Our Open-Source Foundation
3:30 pm Sarah Johnson Developer Relations Making Cloud Computing Boring Agai
4:00 pm at Coiled n: Lessons Learned from Deploying
Billions of Python Functions
3:30 pm Megha Jhunjhunwal | Senior AI Engineer a | Considerations for Building Enterp
4:00 pm a t Glean rise-Safe Al
4:05 pm Bharath Ramsunda CEO at Deep Forest S | Can self-supervised models make a
4:35 pm r, PhD ciences difference in drug discovery?
4:05 pm Bo Lei Co-founder and CTO a | Extending Data Pipelines to Workfl
4:35 pm t Fleak ow Microservices
4:05 pm Soomin Chun Software Engineer at | Solution Showcase: Accelerate Al A
4:35 pm FriendliAI gents with FriendliAl' s GPU-optim
1zed Service
4:05 pm Ben Wilde, Camero | Various (Georgian, O | Identifying the Next Generation of
4:50 pm n Turner, Anne Dw | xonian Ventures, Vil | AI Startups
ane, lgor Tabber lage Global, Cortica
1 Ventures)
4:40 pm Jeremy Miller Product Manager, Aca | Bitter lessons learned while build
5:10 pm demic AI Platform at | ing production-quality RAG systems
Clarivate for professional users of academic
data
4:40 pm Dr. Helen Gu Founder and CEO at I | Unsupervised Machine Learning for
5:10 pm nsightFinder Inc. Responsible and Robust AI Models
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4:40 pm - | Nick Carrick & CI | Solutions Consultant | Solution Showcase: Intelligence Av
5:10 pm ement Wong s at OpenText iator: Your Data’ s New Best Frien
d

4:40 pm - | Geetha Anne Sr Manager, Customer | Disaster Recovery Options Running
5:10 pm Solutions at PureSto | Apache Kafka in Kubernetes

rage

(=)10H31H
ODSC West Talks - October 31, 2024

Time Speaker Organization Session Title
9:00 am - | Sergey Levine, Ph | Associate Professor, | ODSC KEYNOTE: Reinforcement Learni
9:25 am D Computer Science | U | ng with Large Datasets: a Path to

C Berkeley Resourceful Autonomous Agents
9:30 am - | Benjamin Mann Co-founder at Anthro | ODSC KEYNOTE: Lessons Learned whil
9:55 am pic e Building Anthropic’ s LLM, Claud

e

9:35 am - | Kaxil Naik Sr. Director of Engi | Building and Deploying LLM applica
10:05 am neering at Astronome | tions with Apache Airflow

r
10:00 am | Jay Alammar Director, Engineerin | Large Language Models as Building
- 10:30 a g Fellow (NLP) at Co | Blocks
m here
10:15 am | Brij Kishore Pand | Principal Engineer a | Al-Powered ETL Pipeline Orchestrat
- 10:45 a | ey t ADP ion: Multi-Agent Systems in the Er
m a of Generative Al
10:55 am | Ryan Boyd Co-founder at Mother | Small Data Manifesto: Data infrast
- 11:25 a Duck ructure to build bigger with less
m
11:00 am | Sharon Zhou, PhD CEO & Co-Founder at TRACK KEYNOTE: Removing Hallucinat
- 11:30 a Lamini ions by 95% with Memory Tuning: A
m technical deep dive
11:00 am | Mark Freeman Tech Lead, GIM Engin | An Introduction to Data Contracts
- 11:30 a eering at Gable
m
11:00 am | Dhruv Nathawani Applied Research Sci | Preserving Privacy in LIM Trainin
- 11:30 a entist at Gretel g: Transforming Sensitive Data int
m o High-quality Synthetic Data
11:35 am | Mabel Geronimo Senior Solutions Eng | Gen AI in Software Development. Wh
- 12:05 p ineer at GitHub at should you be looking for?
m
11:35 am | Danica Fine Staff Developer Advo | Brick-by-Brick: Exploring the Elem
- 12:05p cate at Confluent ents of Apache Kafka®
m
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11:35 am

Aarushi Kansal

Al Engineering at Au

From Paper to Production: Implemen

- 12:05p toGPT ting Gen AI Research
m
11:40 am | Christina Zhu Developer Relations Unlocking the Potential of People
- 12:40 p & Community Manager Analytics with Data
m at Visier
11:40 am | Afrozy Ara Co-founder & CEO at Designing Human-Centric Al Interfa
- 12:40 p LuminaData ces
m
11:40 am | Shubham Goel Senior Machine Learn | Labelling Sparse Data at Scale Usi
- 12:40 p ing Scientist at ZEF | ng Semantic Search
m R
11:40 am | Arpita Vats Senior Al Engineer a | Leveraging LIMs for Next-Generatio
- 12:40 p t Linkedin n Recommender Systems
m
11:40 am | Ajay Jain & Paras | CTO and Co-founder | | Mastering High-Fidelity Al Video G
- 12:40 p | Jain CEO and Co-founder a | eneration
m t Genmo
12:10 pm | Stephen Hood & Ju | Open Source Al Lead Llamafile: Democratizing Open Sour
- 12:40 p | stine Tunney | Lead Developer at ce Al
m Mozilla Llamafile
12:10 pm | Kevin Noel AT/ML Lead at Uzabas | Practical Fine Tuning Strategies f
- 12:40 p e/Edge Japan/US or Language Models and Large Langu
m age Models
12:10 pm | Sam Liang, PhD Co-founder and CEO a | AI for Work: How GenAI Improve the
- 12:40 p t Otter.ail Way We Work and Collaborate
m
12:10 pm | Jorg Schad Head of Engineering From Data Mess to Data Mesh - Data
- 12:40 p | Nextdata Management in the Age of Big Data
and Gen Al

2:00 pm - | Christine Long Software Engineering | Wearable Al in Meta: On Device ML
2:30 pm Manager (Machine Lea | with Neural Interface System

rning Engineering Te

am in Reality Labs)

at Meta
2:00 pm - | Jay Sen Director, Data Engin | Practical Data Mesh for Enterprise
2:30 pm eering at PayPal S
2:00 pm - | Kamyar Azizzadene | Research Staff at NV | Neural Operators: A new era of sci
2:30 pm sheli, PhD IDIA entific computing
2:00 pm - | Fatih Nayebi Vice President, Data | Scaling Al Initiatives in Retail
2:30 pm & Al at ALDO Group
2:35 pm - | Vivek Natarajan Research Lead at Goo | How LLMs Might Help Scale World Cl
3:05 pm gle ass Healthcare to Everyone
2:35 pm - | Timothy Chan, PhD | Head of Data Science | Beyond Simple A/B Testing: Advance
3:05 pm at Statsig d Experimentation Tactics
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2:35 pm Varant Zanoyan Software Engineer at | Chronon - Open Source Data Platfor
3:05 pm Airbnb m for AI/ML
2:35 pm Rebekah Westerlin | Full-stack Software Productionizing GenAl with Al Data
3:05 pm d Engineer | Snorkel A | Development

1
3:10 pm Arnav Garg ML Team Lead at Pred | The Future is Fine-tuned: Training
3:40 pm ibase and Serving Task-specific LLMs
3:10 pm Kevin Van Gundy CEO at Hypermode | P | The Business of Open Source Al
3:40 pm rev. COO at Vercel
3:45 pm Avinash Sooriyara | Senior Applied AI En | Innovating with Multimodality and
4:15 pm chchi gineer at Mistral AI | Reasoning with Mistral Al
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