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£HIACM SIGKDD 2016
JeE Rk S SR AT R i B P

7
T BRI HAY
"5 22 JE AR 5 BN & R PR &) B il B PR B &, ACM SIGKDD
2016 J5H TEHEHEB G EHE N EN R HEEHE ) (ACM
SIGKDD ) FE ¥ - sz &A% 0k B £ H B E RS HEIm Z 8217 ~ 51
ZHEBANL RN I05FE 88 BHEZH ITHRES L& ES
7 IHERUE 2B 1T 0 AE 2B ANBSET R 2720 A0 ZRBBEERFE
WroE N &~ B EZ KAHRB S Hd E A Microsoft: google ~ facebook »
Linkedin ~ IBM ~ YAHOO -~ ebay ~ ADOBE ~ NEC ~ NVIDIA &[] [% %1
PR~ BEHS R AR BE A IE N = 0 DA R B OK I e s R R S ER R R
THBAEZEBR AL KB - &858 & B MR a0 i
r— =
2B H A 2R o A IS A BE O B &S
—  AREGHMEHEHOT ¢
http://www.kdd.org/kdd2016/

— ~ ¥ Keynote Speech (Youtube £ 3% #45) :

1. Graphons and Machine Learning : Modeling and Estimation of

Sparse Massive Networks (Jennifer Chayes, Microsoft Research)

2. People, Computers, and The Hot Mess of Real Data (Joseph M.

Hellerstein, Department of Electrical Engineering and Computer

Sciences, UC Berkeley)

3. AVC View of Investing in ML (Greg Papadopoulos, NEA)

4. The Evolving Meaning of Information Security (Whitfield Diffie,

Center for International Security and Cooperation, Stanford

University) 2015 4 [& &8 5% 15 F


http://www.kdd.org/kdd2016/
https://www.youtube.com/watch?v=9tny8lbt25A
https://www.youtube.com/watch?v=9tny8lbt25A
https://www.youtube.com/watch?v=30hj43gNnVU
https://www.youtube.com/watch?v=SOGbe2f-Fj8
https://www.youtube.com/watch?v=CIZh0CHXGC4

5. Learning to learn and compositionality with deep recurrent neural

networks (Nando de Freitas, Department of Computer Science,

University of Oxford)

~ JE € Plenary Panel : |Is Deep Learning the New 42? (Youtube &%

#HiZh) @ moderator :  Andrei Broder, Yahoo! Research
panelist : Pedro Domingos, Dept. of Computer Science &

Engineering, University of Washington

NENEESEE

http://www.kdd.org/kdd2016/program/accepted-papers

T~ Gk Y B b

http://www.kdd.org/kdd2016/Workshops

+ DR il o R AT

https://academic.microsoft.com/

+ ~ Youtube Channel : kdd 2016 video

JU ~ KDD 2016 Opening Ceremony (Organizers : Shipeng Yu, LinkedIn

Corporation; Mohak Shah, Bosch Research and Technology Center

North America)

ACM SIGKDD T & 5 15 & 41 3 54 B E B B IR 400, 2
S BRPE 9 FRHRHE AL BE 0 FEOR 5 8 I B D R 0 5O 25 T B
B~ REFHEE(F - OB HEE o RN BN A DR 2 BT 0 DA E BT
RN R M B0 PR~ % 7 W R T R R R
BEER BT HEHRA T E R AR AT
2RI R RAEE R R E AT R REE A TSR
W BREE RS -

A JE KDD Z R 1 fE

m

/\

® ZHE 4 fir Keynote fz 1 iz [E 28 8% 15 F & 5% (Whitfield Diffie)
3


https://www.youtube.com/watch?v=x1kf4Zojtb0
https://www.youtube.com/watch?v=x1kf4Zojtb0
https://www.youtube.com/watch?v=furfdqtdAvc
http://www.kdd.org/kdd2016/program/accepted-papers
http://www.kdd.org/kdd2016/Workshops
https://academic.microsoft.com/
https://www.youtube.com/channel/UCPsUUDUlcTJuP-fRa7z85aQ
https://www.youtube.com/watch?v=EkluJMh8wu4

® BiE 12 EREMARIEREE
® Z“HE 1 {E plenary panel J 2 {@ invited panels

® % HU 142 BB 0285 SC (research track papers), HE#E 70 & O 58 3 &
B B RETR (M A = U 8k i 2 5 S ~ BT DU U 8f i 22 A=
~ BT A T A Bk e &K BRF R 2 B A S best test of time award)

® 3% HY 66 7= FE F & SC (applied data science track paper)
® FRum 17 {E W5 & workshops

® 105 EIIS tutorials

® it 8 LIR{FAIZFHI4K hands-on tutorials

® ZfE 3 55 social networking sessions

® ik KDD Cup i

AJE K G Youtube ZETL KDD2016 video FHE - [ 4 F{H & A&
® O3IOTHRE

® 30 & fE M W& A

® 20 & E A A F il 4R 52

® 27 HHEF I

® 3 BH R T A A%

® |3 ESEFEH BB B E

® 6 keynotes ¥

® 162 B&Y 2~3 o8 H R 9 4 A JE 8% B G 5L

MBI G T =BW ke KR > W E) 8 AT A & SUE & BAEN
KR CRJE BT 72 5w S 3t 784 T e e - % am XY B 5 675 fin) > A&
KDD Ry R LT ERIART  RBEEGIFAARABRFES2FTEEHZ
Mo ZESE T ERSMAR R EZHEHSHIERE - g M
HEEFRENRERSE O ABREEZSEER -



P kooz0t6video  BH  fEHoRE  mE Wwm M4

HEXE 0101 138AT

Organizers

More on http://www.kdd.org/kdd2016

KDD2016 Conference is published on http://videolectures.net,

BEE I

Research Sessions Applied Data Science Sessions
6 RAIEH , 6 RATEH

EETRENEE (3

KDD 2016 Tutorials

EETEENEE (1628F% F)

KDD #* Youtube ZET7HY KDD2016 video #EZEFHRENZ

A i

UM Hor Rl sk GRS - 2B 2R IEFHA -

8 H 13 H : £7j1 ACM SIGKDD Tutorial Day

Ig From DiscimnatonDise

B2 E% - Enabling the Discovery of Reliable Information

from Passively and Actively Crowdsourced Data (2% #if #% 8 5 F& i ik

BBUE AT 551 2 05 7AW 5E)

N2 hIn#E|% - Healthcare Data Mining with Matrix Models (1] F 2B A&

R TR B REHAED)



8 H 14 H : 41 ACM SIGKDD Workshop Day K Bi&E&E=

+ _E4-2:011 2016 Workshop on Large-Scale Deep Learning for Data Mining A ARfE %=

R ED

« T4-£:H1 KDD Workshop on Causal Discovery (DLEE B fii e 7 7ER B RE (4 77152)

M BB KE 48 pESE R 28 Poster Reception: Research (oral only)

b Feam R

8 H 15 H : £ju1 ACM SIGKDD Conference

[1]

+ 48 1 00AMES i Keynote B s @ Jennifer Chayes, Graphons and Machine

Learning : Modeling and Estimation of Sparse Massive Networks (Graphons#1f

B E M AR A S A B TR

« [4F9 : 40AMZzHES ] Exhibit Hall [REEE

« BAHUEE Research Session R2 section :

Large Scale Data Mining : XGBoost : A Scalable Tree Boosting System ;

Communication Efficient Distributed Kernel Principal Component Analysis

~ RS Keynote JEEE - Joe Hellerstein, People, Computers, and The Hot Mess

of Real Data (A - T HEIEATKRE R EEIE)

~ NFESEE Plenary Panel @ Is Deep Learning the New 42?

~ HEfE]7 © 00~10 : 00OPMZ HES: ¥ Poster Reception @ Applied Data Science, & F &

SR o

8 H 16 H : £1 ACM SIGKDD Conference

+ 48 1 00AMISHE Keynote &z @ Greg Papadopoulos, NEA, A VC View of

Investing in ML (BB &2 EITATIE ) -

+ _FFE5EE Applied Data Science Invited Talks 3, & &SR E2 3055 6 EE ¢

1. Accelerating the Race to Autonomous Cars fj[12E 7 A 4 A 8BS s 2,

Danny Shapiro :  Senior Director of Automotive / NVIDIA



2. Profiling Users from Online Social Behaviors 4747 & 2 fE 48 13217 £y, with

applications in Tencent Social Ads, Ching Law : GM Social Ads / Tencent

3. Learning Sparse Models at Scale 2235 K5~ figi Y, Ralf Herbrich :

Director of Machine Learning / Amazon
= ~ 4241 Research Session R10 #57x -

1. Recommender Systems, When Social Influence Meets Item Inference tfEfHEE

HATE H HEEERTZE, HuiJu Hung, Pennsylvania State University.
2. Goal Directed Inductive Matrix Completion HZ4 o) gman 5 £ Fa T

PO~ N2EfE2 8 Exhibit Hall FEEEEE

T~ B 7 0 00~10 : 00PM ZAHjE£x 8 Poster Reception :  Research (poster only) #5%

i SCRFHRIEETS ©

8 H 17 H : £ ACM SIGKDD Conference

— ~ 48 : 00AMHESHE Keynotel&H:# : Nando de Freitas, Professor / Oxford University /
Google DeepMind, Learning to learn and compositionality with deep recurrent neural
networks (SEREVEGS © ARSI RRER (ACAEss 2 2 E B &) -

— ~ 420 Research Session R13 5K -

User Behavior Modeling 3 17 B i



OB

AR HACM SIGKDD 4H&% T3 - Z4H40 % LR B T2 B BRI R R AR 22
fiif ~ SER AL FEE8H 13H E8H 17 H R B & 5 M HAR S
BT AE2E ANEEE2I0% A » ZREEEHFEZMTEAE - BER
BEZEZE > Hop B A Microsoft ~ google ~ facebook ~ Linkedin ~ IBM ~ YAHOO - ebay *
ADOBE ~ NEC ~ NVIDIASEIEAIA4HR « BEAG Ko RedEnh A =] - DUR sP PR RE
Bt - R F I R E TG A F 2 EER AR ST SR E )
HHITER 77 SFEof 2 TR R - ATRZRERATT ¢

B E R Bh (BigData)IF (ISR » SEREAE REFEHVRIE T EIR RS iy - SERLAE
HUfS g MRERT A% > ACM SIGKDD Ry &Rl a3 e~ iEE Ak et

Pt 8 R Em S R SIS AE - REBUE BRI L 2 HEE 2 - KDD
T 25 TR B SRl 2 e A el B [ > Loy R (Keynotes) ~ & S (Accepted
Papers) ~ & {FZHE (Hands on Tutorials) » T{F£;(WorkShops).Z A& B 24 {H -
2. KEEREZ R BEFER, » RSB AEPENE - MmO mE - BiEH
R 2388 B SUIREOT S ERY AT

(1) Clustering£ER¥

(2) Frequent Pattern Mining #EZ A5 1248

(3) Outlier and Anomaly Detection BEEE(E F1 52 5 fgHI

(4) Dimensionality Reduction [#4

(5) Recommender Systems HEFE 24

(6) Graph Mining and Social Networks [B[fZHaE R 354844
(7) Deep Learning JEEEEH

(8) BigData K#i%

(9) Time Series and Stream Mining B[S FEHIR1 R 24

(10) Mining Rich Data Types ¥2H5 = (s Eny

(11) Privacy-Preserving Data Mining [FEFA (RS TS 2Z4E

(12) Optimization Techniques &x{E{EF: T

(13) Semi-Supervised Learning FESEHESH

(14) Data Reliability and Truthfulness, Ay Al SEMAIE B
(15) Large Scale Machine Learning Systems, AHifsjesea3 2 495
(16) Classificationsy



3. KDD2016H9zm 32571 4% (Research Track) Kz FH (Applied Data Science Track)2/
SR UL T8RS BEHT0R L EHE RT2RIERE T o TEAEIE33]
FRithE - BEHIA0R b G WS R20RIBH R o {£49 H Program ™4 T HY Accepted
papers 1 FZ B Taiwan {FRHSE 7 7] DILERR O E - —R HEARE LA Wei-Lin
Chiang ~ FEZRMECEROMEERR » SR EBENINILRECLER - £
HEERAER) ~ TG EZAE ~ De-Nian Yang ~ Liang-Hao Huang ~ FREAZEZER) K
HE= K Simon Fraser UniversityfyJian Peilfff & 887 2 B R -

4. KDD2016[% £ & s sh » [F 05 2817 - 28 & DA o & AR AR S B 2 T 1Ry
(workshops) » 73 IR FRIA [F] e I <8 - G5 ) S RS s s T ER D B s 22
B R Y 2 BaS I B BT - IR R BUE RO e &) - &
EAEIRAIK ~ it&EtE - XA BRI M - BESRESR - Rl
ot HRBGZHE  EREBLEMNSETE  @HES
http://www.kdd.org/kdd2016/Workshops °

5. ERIRIEREEOOR E - BREEIVEEE © GiET - STEMER - TEESTERSL -
AT EIE A IR 205 L ERYE o B - W0 IR TR - B RTA FT2emey
Machine Learning Qs » i I AH a8 4 iy 2 £2 E Deep Learmning & —{EHR £
WE-RAVSEIER - Ry B RTHEIB ST B A RIRIY 7 EZ —  HEE R T2
BENKNREY » HECKREIXRBLER R TIENEEEE RE - R
ERT I EA R T (A - B - B - BAAE S R
FO M R B ZER B o R 2 g 0 V)RR 70 00 F1 P R B Ay ZE T A -
PR R B ST AN BN ERE AV AR
BRSSP RIAHVER ~ M E i L S e 3 e - ixak A e
BEAA -

OB ¢

1. Big Data K¥¥5 i 1% 48 1% 25 22 3 (Machine  Learning) &z 7% & &2 (Deep

Learning) ST M 254 AREVZERAR M - FEELHY FHIBERZE ¢
(1) E%cGPU(graphics processing unit) AIZRAERAYHIE » HOIEP I T
(GPU) #BCCPU » KigfEr BT RAEST -

3
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https://zh.wikipedia.org/wiki/%E9%9B%BB%E8%85%A6%E5%9C%96%E5%BD%A2%E5%AD%B8
http://www.kdd.org/kdd2016/Workshops

2.

3.

(2) 4EPR4EEsHE# R B2 T REEN - AR EOE E T
TER L - S94R i o B2 Bl e s B2 w2 IR e SORIER e <

Q) &HUEEE AR A B RO S HY B (W Caffe ~ CNTK ~ TensorFlow -
theano ) - FEEE - SRR RN SEBEERAZULE RE - B8
EABIRCES (Wgithub &) B AR -

PN B AR R s FERG 40 AMZ ~ Google ~ MicrosoftZ: » ISR E2 PR 75

T e AR AR R S TR T R o SR B S IPRE SRR » IR

PAGPU R LB HIRE T » 3R ZE h AV 2IHEE St 2k » SRR R ER R 4

M BEE MRS B E Y EANE SR E R hE TR 2T s - &

A B IERY R > 40 AlphaGoli i - Computer Vision i E BhE 28 B Kz NLP

A RGE = PR A A B S RS AR A 5

BRI S - BRI - PRAESAEES EER R EITE R
HSEIBUNZEEHIFICE R - BERGEE - LEHE - BREE - B3 -
KRS ~ PRERHAT © tHEREIEE S LB E TR K B R AR
> TyRMA AR FEIE R AT » Nttt e EEE IR - #
B R R R R L NEE FIBTEEARNE Y — » HE
A E[E H TS - WaFEshE 546 H hMicrosoft BRI ERE 2 2028 E %
DFELinkedin(E — R i 2E % P I H A2 Q48 RS4RI » BITHA20024F 12 5 36
122003 Bx &) < 201141 H > LinkedInAi#&289000&HIE i H = - 2201241 H -
LinkedInEL 4% 838 1 SEEAVEEM A F  FLARUENY B 23 1 1 F P s A e e
FEEPREALE RN - B AR AR - HF A DUBEE s
SRAY AR ABR < IR R Z — « AFRSBERBERIMMUE S ER AR - I
g T EURRNIEAPP ) & TIENVEERE | Mk BoRERHIMEER - HHsE
5| ERERHEE -

B EAIFEE S (Venture Capital) U PSS A ARV R A5 AR
H#a2h B IBNEARITEE 5 &5% A Greg Papadopoulos A EHINTIE > ameli
HeHaR e G g ms  HEmERT

(1) AL EUL B LA A AR I00R A EH - 5 1R AEBAL (ST R Al

10



4.

NEPEEY AR S00fE PAE) - SSRAE BT - HERAVELENBRES - NIER]
tEWEs T > S BRR R B S R E IR - A T
B E R T A =R -

(2) ERIFIRHERIFIE I s R i S R HI R RS - s RV Al
JoEL [ YRS RN LR ECERAR AT ST Fr R 1 E B 1) N HY -
EEJRRGA EEH ¥ Data ScienceHIBFSE » i/ TR R A X 8
RPN TR - ERZ BN TH - fIRSHAEERRT S E K -
RIS RIA S Fvertical value ~ RE&5RE R SIAVRATT /T EEC
EIndustrial loTEItEs AAHBARESE -

() EflnFuHre L B - HEl A RR AR R ASEFTEBFR KT -
DU B BRSSP RIHE R Bl A SR A3 R TR - m] DR B4 HAlSE
B E—IEE

i.  What's the differentiation? (2 Sz B Fyfaf )
ii. What's the opportunity? (ZEfmE HATHES Fofal )
iii. Do you like the people you work with? ({127 Z BRI A ZE AT —
[E TAFFTHR AR R IREZ - )

a5 8 (Machine Learning) SR E2E (Deep Learning) ZEW MRS » ¥4
ERFHBHSHI A EE AR S - SEEFAREREES - LERATENL S
(information Security) ~ A ##E(Big Data) ~ ZEmE E(Cloud computer)3 ([ B ZE4E I,
WA SRS TIEHE » SKARMS - RAT g LR FIE
REMEBHESF KRBT - GEBESTIEI 28R REREE > NHAEHR
SHIBG A BN R  HAAPURAUR ISR G R A - B ROE A
&

BRI ~ e E - RS ST SRR R AR S U R oK ey
HAE Y o HIUR THEFEZ LA FE(B(ADE{E E{E(nformation exchange) »
BIE T EEREEIELS0 ) CPS > Cyber-Physical Systems » #7548 (10T ) FIZE
I E (Cloud Computing) K HH#4Y (Internet) 555 - fif @ RS )

8 f B B £ A F HB Z KEHE ZRK+T KES

11



( http://www.gvm.com.tw/Boardcontent_31621.html) » PNZELAR L @ g5 1 i 2 B2
B RAGME » HPieas A - Vg - MAEEH - IELIBH@UBER
Airbnb) ~ EV)EEEE B RS - FHETE AR A E A A RV ET 8 -
BENEES LE SR e EgMARE - IRE LEHE - IR ERt
EPRER - BER TIRE - B KRR -

12



ACM SIGKDD 2016 " % 22 e Al AR i E R B &, JE B

KDD2016 K&fa+ » i A#GEE# 2700 A -

B RBSLAE ATl () E2 Microsoft HARHEEZ M55

13



KDDZOIG

Golden Gate Ballroom

Sunday, August 14"

Poster Reception: Research (oral only)
Light appetizers provided

7:00pm - 12:00am

Monday, August 15t

Poster Reception: Applied Data Science
Light appetizers provided

7:00pm - 12:00am

Tuesday, August 16t

Poster Reception: Research (poster only
Light appetizers provided

7:00pm - 12:00am

AL SRS ) U E Accepted poster £ K TATEUZIRT -5

KDD2016 JigpsfEE ety » facebook K7 Instagram (/) » DiDi(f) -

14



KDD2016 i a5 Instagram FRi5E5{5: APP BhREE~

KDD2016 i psfEEarts; - Microsoft (££) @ ebay () -

15



NEC o WISE

NECs Prescriptive Analytics

kiad

KDD2016 [ & » NEC iy -

16



Plenary Panel section IR/ » 515w &8 ¢ Is Deep Learning the New 42?

Ralf Herbrich, Director of Machine Learning, Amazon, surrounded by audiences after his
fascinating talks ‘Learning Sparse Models at Scale’.

17
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BRSC48 (£2) ~ “Parallel Dual Coordinate Descent Method for Large-scale Linear Classification in
Multi-core Environm’zi S 2853 Mu-Chu Lee Z2872 () iz Microsoft TF2HI&ES -

i /‘ ///i 1'/ F I . \\\\\\ %\ ARESE

N
; \
F‘ , | % \\\\ R
JE KDD Sponsorship Chair Yu Zheng(Z=—) » The Pennsylvania State University

associated professor Wang-Chien Lee Z=HF3E(A ), HEBIZFEZRE I HTHER (G )8
J When Social Influence Meets Item Inference & 325323 Hui-Ju Hung (F—) &% °

18
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http://www.kdd.org/kdd2016/subtopic/view/parallel-dual-coordinate-descent-method-for-large-scale-linear-classication
http://www.kdd.org/kdd2016/subtopic/view/parallel-dual-coordinate-descent-method-for-large-scale-linear-classication
http://www.kdd.org/kdd2016/subtopic/view/when-social-influence-meets-item-inference

