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and using containers to
manage our applications for
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2B launched per week

o simplifies management
o performance isolation
o efficiency
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# Managing Dependencies

s mgere: e (COntainers, Pod -

: manageour applications for 3 e M ¢ Handle package dependencies
over 10 years, & B9 o Different versions, same machine

y Pods: MyService || MysQL

2B |aunch6d per week ¢ Co-locate containers oybon 342 || [pyhon 279

o simplifies management o Shared volumes gibc 221 | | glioc 219

f—--l

o performance isolation

o |P address, independent port space
o efficiency P PORSp

o Unit of deployment, migration

BRI © Eric Brewer #&52A

3.2 BimfkFsamE

2014 Cloud service outage (Elwfl#sTE) [9]1[10]14tsT Amazon EC2 A4k
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VMs vs. Containers

Virtual Machines Containers
User Code Private User Code
Libraries CoDy Libraries

Operating System

Operating System

Virtual Processor Virtual Processor

Physical Processor Shared Physical Processor
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