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Fig. 1: A scheme diagram of the prosody-based knowledge integration for automatic

speech recognition
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Fig. 2: A bottom-up stepwise prosodic knowledge integration approach
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If the Fed pushes the dollar higher, AND-MAKEROF |T MAY CURE the demand for U. 8. exports.
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Two inconsistencies: (1) the FO for the segment "ker" is too high with respect to that for the
preceding segment"ma", and (2) the "glottal closure” the stop sound in "maker" is too long
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* Theindependent committee will recommend that holders accept the offer at a meeting
expected to be held in December, T. W. A. said. (440c020j reference)

* Theindependent committee will recommend that holders accept the offer at a meeting
expected to be held in December, T. to B. A. said. (440c020j answer)
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B. is too short. If it was a spelling “B.”, the duration should be longer!

Fig. 4

*  Closely held Times Publishing also owns two Washington-based publications -- Congressional
Quarterly, which covers Capitol Hill, and Governing, which covers state and local
governments. (446c0212 reference)

* Closely held Times Publishing also announced the Washington-based publications --
Congressional Quarterly, which covers Capitol Hill, and Governing, which covers state and
local governments. (446c0212 answer)
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- o o] ] [E—

] - - 4 i - g - I R |
The article “the” should not have higher FO than the content word “announced”

Fig. 5
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Nissan lost thirty to one thousand, five hundred twenty and Toyota was down
thirty to end the day at two thousand, six hundred twenty. (443c0214, reference)

Nissan lost thirty to one thousand, five hundred twenty and Toyota was down
thirty two and the day at two thousand, six hundred twenty. (443c0214, answer)
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The FO of “and” is too high to “two”.
Fig. 6
* Also, a move to base it abroad will have tax advantages. (441c020f,
reference)
* Also, a on the two basic abroad will have tax advantages. (441c020f,
answer)
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The article “the” should not be too long (0.2 sec) and the FO of “two” is lower than that of “the”.

Fig. 7
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* Alengthy fight is likely. (445c0200, reference)

* A.E.link the flight is likely (445c0200, answer)

| sasevzboral  iCanfiguraion Speech anayis - Neva2] HrTHEe

E

The spelling “E.” Is too short and the FO of the article “the” is too high to the preceding
and following content words.
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